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INTEGRATING TERRESTRIAL LIDAR AND LARGE LANGUAGE MODELS FOR 3D
OUTDOOR SCENE UNDERSTANDING AND COMPLEX SPATIAL REASONING

L. o ©
o' o.‘.o'
.

INTRODUCTION

This project uses LIDAR technology to capture detailed 3D scans
of real-world environments and applies mMmachine learning to
automatically detect and classify features like buildings, benches, _
and trees. By transforming raw point cloud data into organized, Road
meaningful information, and integrating an Al-powered interface ® Buildings
that responds to natural language gueries, the system makes @ Wire pole
spatial data accessible and useful for everyone. The goal is to
support smarter decision-making and create more responsive,
user-friendly environments.
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CONCLUSION

VWe developed an Al-powered system that accurately detects ana

Noise Removal classifies campus assets from LIDAR point cloud data. The system
structures spatial metadata N GeoJdSON format and enables
Cloth Simulation Filter Nnatural language queryng through an LLM interface. This approach

significantly enhances the efficiency, accessibiity, and inteligence
of campus asset mapping and management.

Point based Classification —  Object Classification

l PROJECT BY UNDER THE GUIDANCE

Store Data in a Structured

File Format SANJAY KHANNAD
2021107301) Dr. B. DIVYA PRIYA.
Build LLM with RAG system RAVICHANDRANN Assistan Professer,
™ (22O B3 IRS
" Query the UI to retrieve MUTHU KUMARA SAMMY

external answers. 2021107305




